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Abstract: Recently, it has become popular for consumers to purchase product items through EC sites. Es-
pecially as fashion items, the purchasing actions by consumers for them through EC sites have been rapidly
increased. This study focuses on a fashion EC site which operates the resale business of second-hand clothes.
They assess the appropriate exhibit prices of second-hand fashion items and resell them on this EC site.
A characteristic of this EC site is that if an item is not bought for a certain period, the price force to be
discounted automatically. In this EC site, it is important to predict the selling price of each item in condition
given information and an exhibit price. When we can predict accurate selling price and clear the effects of
factors on selling price, it should help a various marketing strategies. In this paper, we propose a new regres-
sion model to predict selling price using linear regression models depending on clusters which are constructed
by the relation between the features of items and seasonal off-rate. In order to show the effectiveness of our
proposal, simulation experiments with a real data are demonstrated and we discuss the analysis of the results
for some insightful marketing policies.
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Fig. 1 The central vectors of each cluster v given by applying

k-means, whose K is 6.
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Table 1 The interpretations of each cluster given by applying
k-means, whose K is 6.
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3 (9) THEENLHEE LL HWURT 2 T, LTFO

Zorx, X (10) TRENLEHWEKTHLET—5 D
FHRA D D ETNT A — 5 DEF AT . &, X (10) TSN HIBHCTH L KT %

BIE7 T A 2 NOFTBHER TEMIT S 7z TREHER,
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