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AG News(p=1) AG News(p=10) AG News(p=20) AG News(p = 50)
COSINE 85.4(0.4) 72.0(6.8) 82.2(0.3) 57.4(0.4)
Denoise 85.2(0.1) 53.7(11.1) 52.6(11.2) 47.1(18.8)
ARS2 88.2(0.3) 85.9(1.2) 84.4(3.5) 82.7(1.1)
ARS2 + F~VUEIE (53/571\) 89.7(1.4) 89.2(1.6) 86.4(2.4) 85.5(2.7)
ARS2 + F~NVUBIE (VA XTF—& L)) 91.4(1.0) 90.9(0.7) 89.2(0.4) 88.4(1.2)
I ART=RITYDIBEIELTZ7~L 642 631 561 437
1. FEMNOBIE IR TH 5.
# 2: AG News T/ ST —XDY > T (p = 10)
No. Fr I JARTNV | BIELT 00
1 China grabbed its first-ever men’s Olympic gold in track and field on Friday, but it was a night 1 9
of misery for Americans, who saw any chance of a fourth consecutive gold in basketball crushed.
9 Users of the Treo smartphone will get out-of-the-box compatibility with Microsoft’s Exchange Server, 3 4
thanks to a licensing deal between Milpitas, Calif.
3 Google unveiled a desktop search agent yesterday that lets users find any information stored on their 3 4
computer, including visited Web pages, files and e-mail as well as instant messages.
4 A host of companies led by Microsoft (Quote, Chart) and Intel has revised and released a specification 3 4
for making sure computer systems have a common way to communicate.
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